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Sample patterns and observations
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Popularity in time
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How categories can help with data sparsity
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Application: recommend food types and ingredients




Sample Web app & Problem formulation
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e observe patterns

e design a personalized scoring function: S(u,e)

e rank items (ingredients, types) e according to
scores

11



Sample scoring function

ltem popularity in uploads by friends:

F(u,e) = Z Z le € r]

febrely %
1 iff recipe r

contains e .
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Evaluation
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(Selected) Conclusions

e only some fraction of users have strong preferences
when producing on-line content

e consumption (ratings), social factors (friendship)
correlate strongly with production (uploads)

e categorical information ‘smoothing’ improves
significantly prediction quality
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Not covered in the presentation

e dependencies between food types and
ingredients

e similarities between uploads and ratings

e historical uploads correlation

e ctc.
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Thank you! Questions?



Two sample scoring functions

ltem popularity in uploads/ratings (F — F-R) of friends:
Flu,e)=Y Y [eer]
feF, relU;
Item popularity in categories of uploa_ds/ratings (C — C-R):
Clu,e) = Z w(u,c) - ( Z ceErhec r])

cEC re#
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